Rapid advances in technologies have accelerated the timeline for public use of fully-automated 16 and communications-connected vehicles. Public opinion on self-driving vehicles or AVs is 17 evolving rapidly, and many behavioral questions have not yet been addressed. This study 18 emphasizes AV mode choices, including Americans' willingness to pay (WTP) to ride with a 19 stranger in a shared AV fleet vehicle on various trip types and the long-distance travel impacts of 20
believed conventional vehicles are still safer than AVsat least for the time-being. Schoettle and 1 Sivak's (2016) second AV survey revealed similar reactions, with more than 35% of U.S. 2 respondents very concerned about AVs, and partial autonomy less feared. Deloitte (2014) , MIT 3 AgeLab ( younger people are more likely to use AVs. Demographic evolution encompassing entire nations 6 (like population aging) is also important to consider, when anticipating the future use and adoption 7 of advanced transport technologies. Until AVs are widely available in showrooms, at reasonably 8 affordable prices, there will be regular fluctuations in public perceptions in any country or setting. 9
Thus, regular survey efforts, and better surveys, with greater nuance, can make valuable 10 contributions to transportation planning, policymaking, and vehicle production decisions. 11
Ride-sourcing is a pre-arranged or on-demand form of mobility arranged via smartphone 12 applications (Stocker and Shaheen, 2017) . Ride-sourcing demand and supply have risen over time, 13 especially in dense settings like San Francisco (SFMTA, 2015). Real-time or dynamic ride-sharing 14 (DRS) is becoming popular as a new form of carpooling. DRS is offered by ride-sourcing 15 companies (via, for example, uberPool and Lyft Line), and travelers share rides with strangers in 16 order to lower costs. Many recent studies illuminate the operational benefits of DRS (see, e.g., 17 Agatz et al., 2010; Bischoff et al., 2016; Fagnant and Kockelman, 2018; Loeb et al., 2018 ; Farhan 18 and Chen, 2018; Gurumurthy and Kockelman, 2018; Gurumurthy et al., 2019) . Since AVs will be 19 expensive to acquire for personal use (Fagnant and Kockelman, 2015) , a shift towards shared AVs 20
(SAVs) and DRS is likely. 21 Greenblatt and Shaheen (2015) conducted a study on AVs and their synergy with on-demand 22 mobility, such as ride-sourcing and DRS, and concluded that many energy and emission benefits 23 arise from fusing the services, but provide no quantifiable result on user's willingness to share 24 rides (with strangers) to acquire those benefits. Bansal and Kockelman (2018) estimated SAV use  25 for different pricing levels, with respondents unwilling to use SAVs at the time, but did not 26 consider DRS. Quarles and Kockelman (2018) estimated that 16% of Americans are willing to 27 share rides with strangers by paying about 40 percent less (e.g., 60 ¢/mile rather than $1 per mile 28 of SAV use). However, travelers' reactions to different vehicle response times and wait times has 29 not been carefully investigated. Detailed DRS investigations are few. A recent Swiss stated-30 preference survey by Stoiber et al. (2019) reveals that SAVs with DRS are likely to be more 31 popular than privately-owned AVs. Comfort, cost and travel time characteristics of SAVs with 32 DRS are expected to help increase use. Krueger et al. (2016) captured certain nuances by modeling 33 a discrete choice decision between SAVs without DRS, SAVs with DRS and a respondent-specific 34 travel alternative. They concluded that DRS is a preferred option among young people and people 35 who regularly use carsharing services, and service parameters (like response times) can impact 36 these preferences. Lavieri and Bhat (2019) corroborated this finding using data from the Dallas-37
Fort Worth area, with their results showing travel delays impacting the share-ride decision much 38 more than the notion that one is traveling with a stranger. They note the importance of trip type on 39 willingness to share rides, with commute trips more likely to be shared and an average 50¢/mi 40 willingness to pay to avoid sharing. 41
Americans are increasingly concerned about the use of personal information. Smartphone GPS can 42 record the user's locations, and internet-related services curate advertisements specific to each 43 user. Such concerns may be exacerbated with AV cameras and cell connectivity (Schoettle and  44 Sivak, 2014). For example, SAVs may rely on facial recognition to confirm pickup and dropoff. 45
Existing work on related public opinions remains weak: e.g., what are people willing to pay for 1 privacy-enforcing measures? This survey paper tackles such questions. 2 Related to this, automation can pose ethical dilemmas. Bonnefon et al. (2016) and Goodall (2017) 3 believe that public opinion must be considered in crash-response programming and the like. 4
Jenkins (2016) and Lin (2017) described several possible outcomes of an inevitable crash scenario, 5 and Fleetwood (2017) censured algorithms that teach AVs to choose targets by force, arguing that 6 they should not be readily allowed for public use. However, the public perception of what is most 7 ethical in crash response contexts, and other situations, like who is to blame for a computer's 8 decision or criteria to pass to be allowed to use SAVs, is yet to be determined. This paper's survey 9
adds new questions and public opinions to that discussion. 10
Finally, the long-distance (LD) travel implications of AVs are an important consideration. travel patterns from conventional modes to SAVs and autonomous trucks. While these studies 18
probe into system aggregate impact for LD trips, modeling effort to capture primary influential 19 factors in LD trip making are not entirely captured. Questions probing actual Americans on these 20
topics and factors that are tied into developing trends can then be modeled to better understand LD 21 travel. Table 1 provides some key takeaways from the research described including critical gaps 22 in literature. 23 
Past Research
Key Takeaways Deloitte (2014) AV and SAV users will likely be young travelers with college degrees, and those traveling for longer distances. Travelers may be willing to use SAVs when offered at around $1 per mile. This paper addresses many such investigative gaps. A description of the survey design and data 1 processing methods are presented next, followed by summary statistics, model formulation, results 2 discussion, and various conclusions. 3
SURVEY DESIGN & DATA PROCESSING 4
The survey consists of 70 questions, tackling various aspects of AV and SAV use, including DRS 5 preferences (which are rides shared with strangers), privacy and security concerns, ethical 6
implications of crash response algorithms, long-distance travel shifts, and future travel choices, 7
with each subject section having about 5 to 8 questions. This paper focuses on responses to DRS, 8 privacy, crash ethics and long-distance questions. 1 9
AVs and SAVs are introduced to respondents of the survey before they were shown the questions. 10 A futuristic setting is described with AVs and SAVs being fully-automated, which is also referred 11
to as SAE Level 5 driving automation 2 that this approach still leads to appropriate policy decisions. The value of providing one's location 21 en route (to a close friend or family member, to increase travelers' sense of security) was also 22 addressed, when sharing an SAV ride with an unknown person. To assess the ethical implications, 23 three distinct ethical dilemmas were posed to the respondents: two regarding AV crashes with a 24 pedestrian and other cars on the road, and one addressing crash responsibility. Questions on LD 25 travel were based on mode-choice preferences for different types of trips in the presence of 26 affordable AVs and SAVs, following the traditional choice experiment. A demographic section 27 was included towards the survey's end, to provide control variables and correct for various 28 sampling biases, to better represent the U.S. population. 29
Data Collection 30
Survey Sampling International's (SSI) panel of Americans was used to access respondents from 31 across the United States using Qualtrics, an online survey tool, in June 2017. Biases that are present 32 in personal interviews (Breidert et. al., 2006) are eliminated this way, and incentives along with 33 mandating responses ensured no missing data. Nearly 10,000 Americans were targeted before the 1 required sample attributes were obtained, due to two screening procedures. The first screen 2 blocked respondents from accessing the survey in its entirety if they failed to answer two initial 3 basic questions regarding AVs and SAVs, after relevant information was provided. The second 4 level of screening was done by removing respondents who took less than 15 minutes to complete 5 the survey. This cutoff was estimated from the observed mean response time of 20 minutes from 6 the data, as well as accounting for fast computer/cellphone users who may have taken the survey. 7
Both screens helped ensure respondents were intellectually engaged, and paying attention. 8
Most questions contained a text input option as "Other: _____" for respondents to elaborate, and 9 expand response options. These inputs were manually mapped to an existing option or to a new 10 option, as appropriate. Certain demographics were under-represented (e.g., males who had not finished high school) and 22 some others were overrepresented (e.g., gender ratio was 47/53 rather than 49/51, 24% of the 23 sample were people 65 years or older rather than 18%), resulting in slightly higher weights. 24 MATLAB code performed iterative proportional fitting over all the combinations of dimensions, 25 ending once categorical percentages fell within 0.001% of the population percentages. Population-26
weighted sample characteristics are shown in Table 2 . All of the following results reflect these 27 adjustments to raw sample statistics. 28 
Dynamic Ride-Sharing with Strangers and Willingness to Pay (WTP) 1
Public opinion on dynamic ride-sharing with strangers (while using an SAV) was assessed in detail 2 in this survey. First, a hypothetical 5-mile SAV trip was presented with rising travel times (to 3 reflect delay from adding another passenger) to assess respondents' willingness to share and WTP 4 during the day, while a similar question helped assess WTP in the night. Maximum travel delays 5 that were acceptable by the respondents to share their trips during the middle of the day and during 6 the night were identified. Any added willingness to use DRS when their location was continuously 7
available/broadcast to a family member (or friend) was also recorded, for both cases of day and 8 nighttime trip-making. In addition to these preferences, the ideal cost of using an SAV in order to 9 willingly let go of a currently owned household vehicle was obtained for different SAV response 10 times (i.e., the time taken between a trip request and the SAV's arrival at the traveler's origin). All 11
these results are summarized in Table 4 . 12
As shown in Table 3 , only 62.5% Americans and just 54.9% of Texans may be willing to share 13 their ride with strangers when no delay accrues (i.e., no time is added to their 5-mile trip). This 14
willing-to-share-rides pool of respondents reported an average WTP of 74¢ per trip-mile. 15 Interestingly, all scenarios of added travel time returned a similar average. Average WTP by male 16
respondents were compared to female respondents to understand how the perception differed 17
between the two segments. Women seem to retain similar WTP levels of 74¢ even if a 5 min delay 18 accrues, as compared to men having a lower average of 71¢. This may be linked directly to their 19 expectation of security from paying more for the service. However, a t-test for the two means did 20 not prove to be statistically significant at the 95% confidence level. This is also verified in the next 21 section when the data is modeled. Americans (and Texans) may be more interested in their trip 22 distance than their travel time, once they have opted to share their ride. This is analyzed in detail 23
in the next section dealing with model estimation. 24 Americans are willing if the service is offered only to people without a prior criminal record. 6 Americans are willing to pay a 10¢-per-mile premium, on average, to share a ride during the night 7
(presumably because they need more chauffeured trips at night [for consumption of alcohol, for 8 example] or expect lower supply of SAVs at night). On average, respondents are more willing to 9 tolerate trip delays at night, presumably because time constraints (on work and school arrivals, for 10 example) are more severe during the daytime. 11 Additional DRS features, like location information broadcast to family or friends for safety 14 purposes, resulted in more people (roughly 15%) willing to share rides (during the day and at 15 night). However, as seen in Table 5 , more than 60% of Americans were unwilling to ride-share in 16
an SAV when hinted about additional costs for services while using an SAV. And over 90% 17
seemed hesitant about paying for such a service. Among those willing to pay for such a service, 18
Texans appear to be more concerned about their safety than other Americans. 19 Table 6 summarizes the cost that an SAV must be operated at, for different response times, so that 2 the respondent is comfortable letting go of an existing household vehicle. The American 3
Automobile Association (AAA, 2016) estimates that current vehicle ownership and operating costs 4 average 50 to 80 cents per mile, once depreciation of purchase costs is reflected. Those costs can 5 be higher or lower for vehicles driven fewer or more miles per year than the typical U.S. household 6 vehicle. Interestingly, respondents are willing, on average, to pay about that same amount for SAV 7
accessand Texans tend to offer more money than the average American. SAV users can avoid 8 vehicle maintenance and parking costs and hassles, but they cannot guarantee how quickly SAVs 9 will get to them, like they can when walking to their parked vehicle. Actual SAV system 10 experiences will end up impacting everyone's WTP, and service times may vary a fair bit by 11
location (e.g., urban vs. suburban trip ends). It is an interesting evolution of supply and demand 12 that should one day play out around the world. 13 However, when targeted as a separate topic, more privacy-related concern was observed. Table 7  2 demonstrates this, with 89% of Americans (and 83% of Texans) to at least some privacy concerns. 3 However, many respondents (39.8% of Americans and 40.6% of Texans) appear unwilling to pay 4 to anonymize their location while using SAVs. Respondents were also asked to rate their levels of 5 comfort when their location data is used for different socially meaningful purposes. Nearly 48% 6
Americans, on average, were comfortable or somewhat comfortable with this data being used for 7
policing activities, managing traffic and for general community surveillance. However, more than 8
half were against targeted advertising use. Their WTP is modeled in detail in the next section. 9 
Crash Ethics While Using AVs 12
Two distinct crash scenarios were presented in the survey, describing an AV crashing into a group 13 of pedestrians in one case and crashing into other cars on the road in another. Respondents picked 14 from a broad list of options to describe ethical and non-ethical crash outcomes, along with who 15
should be held accountable for such events. 16
The most popular belief is that AVs should not change course, once a crash is inevitable, and 17
should crash into the first pedestrian or vehicle that crosses its path. Many others feel strongly that 18 vehicle and pedestrian differences should be ignored while heading into a crash. Presumably, 19 Americans recognize that there is no great solution to most crash situations and no new target (like 20 a heavier vehicle or older adult) should be picked, leaving outcomes more to random chance and 21
relatively similar to what humans may do under such difficult situations, with little response time 22
available. Nevertheless, a strong share of respondents (about 20 percent) would like children to be 23 avoided, when feasible, and more crash-worthy vehicles be selected, to minimize loss of life. More 24 than 60% believe that AV manufacturers should be held responsible for such crashes. 25
MODEL ESTIMATION 1
Willingness to Pay for Dynamic Ride-Sharing 2 WTP for DRS in an SAV was estimated in two parts, to reflect the high number of respondents 3
unwilling to share rides with strangers, as shown in Table 8 . 4 . This approach assesses the hurdle beyond which a 7 particular event occurs. Here, the hurdle is one being willing to pay to share a ride and is estimated 8
as a selection variable, , using the maximum likelihood techniques while allowing for 9
unobserved heteroscedasticity (across respondents) as a function of age. Correlation between 10 responses from the same respondent was accounted for using data stratification in Stata, and an 11 independent and identically distributed epsilon is assumed between respondents. A zero-dollar 12 lower bound for each respondent's WTP was imposed as shown below., where is the vector 13 input of predictor variables affecting this $0 selection, is the associated vector of model 14 coefficients and ε i,1 is (assumed to be) a normally-distributed error term. 15
Preliminary analysis was conducted to decide between a linear versus an exponential model for 17 the second part of the hurdle model. An exponential model provided a better fit in estimating the 18 two-part model where = 1, and also made intuitive sense (as discussed later) and was chosen 19
for this analysis. Both equations are estimated simultaneously using maximum likelihood 20 estimation (MLE). An exponential regression function ensures that WTP estimates can only be 21 positive, with serving as the vector of predictors or explanatory variables, the vector of 22 parameters to be estimated, and ε i,2 as another set of independent, identically distributed normal 23 error terms. 24 Table 9 shows the estimated parameters for both the selection model and exponential regression 26 model. As expected, the travel time added via DRS significantly affects respondents' decision to 27 ride-share. Presence of a worker in the household reduces one's willingness, perhaps because 28
workers have more constrained activity patterns, and so desire or need more independent travel. 29 Interestingly, older people (everything else constant) and those with drivers' licenses are estimated 30 to be less likely to share a ride. Those in households with annual incomes between $75,000 and 31 $125,000 appear more likely to share a ride, as compared to other income brackets. It is possible 32 that lower income brackets cannot simply afford to use an SAV, while those in higher income 1 brackets prefer private rides. 2
Respondents with an associate's degree or higher are more willing to share rides (i.e., offer a non- 3 zero valuation for such travel), everything else constant. Interestingly, those currently living in 4 more densely populated but less densely employed neighborhoods appear less willy to share rides, 5 and this could be people living close to downtown where walking gets you to most places. 6
While coefficients of the exponential regression model cannot be used directly to infer changes in 7 one's expected WTP (due to the non-linear transformation that ensures non-negativity in this 8
response variable), one finds that added travel time does not significantly affect WTP once a 9
traveler is ready to share a ride. Older persons and those without any college education appear to 10 be willing to pay a lower value, assuming they are already willing to share a ride, in this hurdle 11 model specification. 12 with respect to the previous mean is tabulated, and for indicator variables, these percent change 7
values are calculated by assuming all responses are at a high (that is, 1) or some intermediate point 8
(like 2, 3 or 4 in a multi-level indicator) and then calculating the new mean. Computed changes in 9
expected value of WTP with respect to the initial mean suggests that the lack of a driver's license 10
affects mean values the most, by increasing it by 38%. When everything else is constant, a one 11 standard deviation increase in average age of Americans can reduce the expected WTP by 27%. 12
This means that as Americans continue to age the increase in average age may bring down any 13
WTP to ride-share. As more people fall into the middle-class household income category, results 14
suggest that there will be a 26% increase in average WTP to share rides. People in the suburbs may 15
share rides to cut costs, with a 10% increase for one standard deviation decrease in population 16 density, whereas, high-density employment zones (like the CBD) may see more trips being shared.
17
The elasticity on workers present in the household is remarkably different compared to the 18 covariate in the model developed, showing an increase in WTP when all households have workers 19 and everything else is kept constant. 20 
Willingness to Pay to Anonymize Location While Using SAVs 23
A similar hurdle exponential regression was estimated to determine one's WTP to anonymize pick-24
up and drop-off locations while using SAVs. Table 10 shows the estimated coefficients for the two-part model. As expected, respondents who are concerned about privacy are more likely to be 1 willing to pay to anonymize their location. Disabled people and females are more likely to be 2 willing to pay, perhaps because they feel that they are relatively vulnerable and make an easier 3 target for criminal behaviors. Vehicle ownership is also estimated to increase a respondent's WTP 4
to a non-zero value for this anonymization benefit. Older people and those in smaller households 5 are estimated to be less likely to pay to anonymize their locations. Household income is an 6
interesting factor in this decision, since it oscillates back and forth between different income 7
groups. In terms of one's level of payment, model results suggest that older persons and Caucasians 8
are more willing to pay than those with a driver's license or those in households with more 9 children. 10 The changes in responses and marginal expected value of WTP is calculated for this model 2 similarly to the previous hurdle model and is illustrated in Figure 2 . The percentage deviation of 3 the expected value of WTP helps identify potential policy impacts to privacy and location 4 anonymization decisions. Negative changes on all covariates showed that, although Americans 5 seem to want privacy and may be willing to pay for anonymized trips, it may be unlikely that 6 privacy of trip locations will be a concern in the future. They also suggest that, moving forward, 7
with the aging population and increasing average wages, there may be a decline in the dollar 8 amount that Americans are willing to pay to anonymize a trip. 9
Long-Distance Mode Choice with AVs and SAVs 1
Mode choice for long-distance travel was studied by estimating a multinomial logit model when 2
AVs and SAVs are available. Correlation is allowed between responses from the same respondent 3
and an independent identically distributed Gaussian error term was assumed for observations 4 between different respondents. The model developed shed some interesting inferences. 5
The estimated coefficients for this scenario are shown in Table 11 . SAVs seem to be a dominating 6
choice for business travel relative to personal travel and relative to the other modes. Personal AVs 7
and conventional vehicles may be preferred for personal travel. Distance seems to only play a vital 8
part in deciding to choose to fly. Current vehicle ownership does indicate that one may be less 9
interested in AVs and SAVs, however, these are still competing modes when other factors come 10
into play. Older people still seem to prefer the private car as the most preferred alternative with 11
AVs as their next choice, when everything else is constant. Having a current driver's license also 12 deters people from using these automated modes. Regardless of the household's income bracket, 13
there seems to be wide consensus in favoring SAVs as they are expected to turn out to be the most 14 affordable alternative. 15 The expected change in mode shares for all the modes discussed above are calculated for changes 2 in each of the covariates. This is done by identifying the expected value of the mode share at the 3 new mean value of the covariate after shifting it by one standard deviation (or one indicator level 4 for discrete variables). This helps see the practical effect of each covariate on future mode share. 5 Figure 3 shows the percentage change in mode-shares with respect to the previously determined 6
share and gives an idea of the impact of each of the covariates. As evaluated from the coefficients 7
previously, the absence of children may have a deep impact in choosing to fly compared to the 8 other modes for LD travel. There may be a 67% increase in SAVs' mode-share mainly due to 9 business travel. Absence of vehicle in the household at present also seems to favor use of personal 10
AVs for future LD travel. Interestingly, households with 3+ vehicles at present shows a 52% 11 increase in choosing SAVs, likely from large family sizes with members accustomed to sharing 12 their ride. Households with few (up to 3) children and significant number of workers may prefer 13
AVs for their LD travel. Interest in SAVs is spread out through all income groups while results 14
suggest that some income brackets may not use SAVs for their LD needs, which is quite 15
interesting. Single people seem to prefer to fly, and households with two or more members show 16 a tendency to prefer AVs and SAVs. 17 This study builds on gaps in past public AV-perception studies by emphasizing ethics, privacy, the 2 nuances of dynamic ride-sharing (with strangers in SAVs), and long-distance trip shifts. AVs and 3
SAVs are still emerging, and perceptions will evolve as providers deliver more demonstrations 4
and first-hand experiences. In the meantime, policymakers, producers, planners and engineers can 5 all benefit from a sense of what Americans and others expect to do with such technologies. 6
Dynamic ride-sharing preferences among adults were assessed in detail here and provided valuable 7
insights. A hurdle model to predict this WTP during the day suggests added travel time to a shared 8 trip did not influence WTP after a person is willing to share their ride, which is in line with findings 9
by Lavieri and Bhat (2019 Greater levels of concern emerge when privacy is the focus of a survey question, rather than as 20 one among many potential issues to be selected by a respondent. A hurdle model developed for 21 WTP to anonymize location while using AVs indicated that, at present, there were many indicators 22
alluding toward privacy concerns (like age, number of children in the household, vehicle 23 ownership and income). However, an elasticity analysis revealed that this may not be true in the 24 future. Change in all of the covariates led to a decrease in the expected WTP indicating that this 25 may soon not be an issue. However, this bold claim warrants a more elaborate privacy study, 26 though it is beyond the scope of this paper. 27
Crash ethics, although not modeled, were investigated, using three targeted questions based on 28 different crash scenarios. Americans feel that any AV, when having no choice but to crash into 29 one or more pedestrians or vehicles should not change its trajectory (to select a different pedestrian 30 or vehicle to crash into), even if the current trajectory does not minimize overall harm. They expect 31 this to be left to chance and believe that AV manufacturers must be held accountable. The future 32 of insurance companies may change drastically if this is mandated by governments. 33
Americans expect much of their long-distance travel (for trips over 50 miles, one-way) to shift 34 toward AVs and SAVs. For example, nearly 50% of trips between 50 and 500 miles (one-way) are 35 expected to eventually take place in an AV or SAVs, however, this is slightly lower than LaMondia 36 et al.'s (2016) prediction of around 55%, on average for these ranges showing a shift in 37 perceptions. A multinomial logit for long-distance mode choices in the presence of affordable AVs 38 and SAVs, suggests that Americans prefer SAVs, irrespective of their household's income, ceteris 1 paribus. Some business travel under 500 miles is also expected to be completed using SAVs. Older 2 people are estimated to prefer to use their own vehicles, now and in the future. Shifts in mode 3 splits were also examined. For example, SAV share for long-distance trips rises by 67% when the 4 average long-distance traveler is traveling for business. Work-centric households (more than 5
average number of workers in the household) may prefer to own AVs more than other households. 6 Middle-class households may be greatly inclined towards SAVs (196% increase in share if the 7 average respondent was earning between $75k and $120k). The aviation sector may wish to adjust 8 its investments and future marketing strategies in response to changes in market share for long-9 distance travel. 10
These results suggest that Americans are not yet very confident about AV use, but expect to 11 develop heavy usage levels. WTP, demand levels, perception and public opinion are helpful to 12 transportation planners and policymakers, technologists and vehicle manufacturers, fleet managers 13 and system operators, as well as airlines, land developers, attorneys, insurers, and the tourism 14
industry. Regular survey efforts help nations and regions, companies and public agencies, better 15 prepare for the coming paradigm shifts, hopefully with equity, environment, and efficiency in 16 mind. The limitation to keep the survey relatively brief meant that some other new innovative 17
questions were removed before final dissemination. Upcoming surveys should consider inquiry 18
into new AV and SAV design in the absence of a driver. Ride-sourcing companies do not allow 19 users to rate those in their shared rides. Screening based on an existing social connection (e.g., via 20
Facebook or LinkedIn), or satisfying a criminal background check may help with shared rides. 21
Future work can tackle such aspects of SAVs and DRS. Additionally, in the realm of DRS, 22 acceptable waiting times can be assessed instead of forcing a pre-determined waiting time on the 23 respondent for WTP questions. 24
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